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ABSTRACT 

The cloud resource obtaining approach automates the selection of the appropriate cloud vendor. The resource allocation is based 

on the maximum memory, allocated memory and free memory of the cloud vendor. The cloud vendor who is having the 

maximum memory space is consider as a winner. After selecting  the cloud vendor  it automatically detects the duplicate data and 

remove that duplicate data for space consumption. AES algorithm is used to encrypt the data for security purpose. The mechanism 

is considered for this problem is Cloud Optimal Procurement Technique mechanism. It is Bayesian incentive compatible and also 

rational. It also provide the security to file transfer between cloud user to cloud broker and to cloud vendor. This system makes the 

module to automate the choice of a cloud vendor among the diverse contributions. The rank of the cloud vendors based on their 

maximum memory space. The cloud vendor with maximum memory is acknowledged the winner. The payment is computed 

based on the quoted cost and the expectation of the allocation. 

 Keywords: 

1. INTRODUCTION 

Distributed computing is exceptionally famous area for giving 

administrations over the web. The organizations that offer the 

cloud administrations incorporate Amazon, Google, IBM and 

so on. The essential goal of distributed computing is that it 

gives the machine assets on interest. i.e., it gives the assets on 

installment. The assets gave may incorporate Saas (Software 

as a Service), Haas (Hardware as a Service), Paas (Platform as 

a Service), Storage[1] and so on. At present, the Cloud 

merchants take after a settled estimating (pay as you go) 

premise to get their assets. This strategy does not help the 

cloud clients however gives pick up just to the merchants. 

Thus, we try for element valuing of the assets focused around 

the expense and Qos elements. Consider an illustration, 

assume if a cloud client is securing an asset (eg. 

Programming) from the fitting cloud merchant which will be 

accessible for utilization for a specific time of time say (1 

month) [2]. The client pays for the product as altered by the 

merchant. On the off chance that the client finishes his/her 

assignment inside 1 week, then the product is in no utilization 

for the remaining days. Consequently, asset and the sum paid 

by the client for the specific time of time gets squandered. So 

as to conquer this trouble, it is important to execute element 

estimating. Here the client indicates the Qos and expense of 

the assets he cravings to utilize. The cloud seller who matches 

the client's prerequisites will give the assets to the client. In 

this work, we propose the accompanying: Every client of the 

cloud may have distinctive necessities of their assets. The 

prerequisites that we consider here are expense and Qos. The 

necessities from distinctive clients are initially gathered and 

given to the cloud evaluator. The cloud specialist does need 
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booking by offering need to the client's prerequisites focused 

around the expense and Qos. The client who demands for 

standand assets with high Qos and ease is given high need. 

The remaining clients are prioritized in this way. The clients 

then structure the Queue(fifo) focused around the need 

beginning from the most noteworthy to the least need. The 

clients then enter into the obtainment transform one by one in 

the FIFO request. The client checks for the assets they need 

focused around the expense and Qos from the seller utilizing 

fluffy rationale i.e., if one cloud merchant has the client 

obliged assets, then it will give the assets. Something else, the 

client is controlled to an alternate cloud merchant. It has an 

incredible playing point that this manifestation of acquiring 

assets offers advantages to both the clients and the merchants. 

As a result of he client will be effortlessly fulfilled by getting 

their desied assets [3]. The sellers are likewise paid as 

indicated by their procurement. The issue with this thought is 

that as it uses the Queue based idea, the clients need to get 

their assets in the FIFO (First In First Out) way. Thus, the 

client with most reduced need needs to hold up for quite a 

while to get his/her assets. This results in the wastage of time 

for the clients. The various assets are to be acquired from a 

few cloud sellers by closeout, so it turns to combinatorial 

closeout. The client's appeal are preprocessed, the bartering is 

dissected and a situated of merchants are pronounced for the  

closeout focused around the Combinatorial Auction Branch on 

Bids (CABOB) model. Reproductions with costs secured from 

a few cloud seller's datasets demonstrate its adequacy in 

numerous asset obtainment in distributed computing. Each one 

cloud client has asset necessities. The clients perform barters 

for getting assets (which are likewise called acquisition 

barters). Cloud merchants offer assets, however with 

fluctuating expenses and quality measurements. The objective 

of the cloud client is to minimize the aggregate expense of 

acquiring assets without bargaining nature of administration. 

Keeping in mind the end goal to minimize the acquisition cost 

[3], it is vital for the cloud client to know the true expenses of 

cloud sellers.   

2. RELATED WORK 

 The multiple resources square measure to be procured from 

many cloud vendors by auction, thus it turns to combinatorial 

auction. The user’s request square measure preprocessed, the 

auction is analyzed and a collection of vendors square measure 

declared for the auction supported the Combinatorial Auction 

Branch on Bids (CABOB) model. Simulations with costs 

procured from many cloud vendor’s datasets show its 

effectiveness in multiple resource acquisition in cloud 

computing. every cloud user has resource needs. The users 

perform auctions for procuring resources (which also are 

known as acquisition auctions). Cloud vendors provide 

resources, however with variable prices and quality metrics. 

The goal of the cloud user is to reduce the entire price of 

procuring resources while not compromising quality of 

service. so as to reduce the acquisition price, it\'s necessary for 

the cloud user to grasp the important prices of cloud vendors. 

A user announces its specifications for desired resources and 

quality of service to all or any cloud vendors, with the broker 

acting as a middleman. The cloud vendors decide whether or 

not to participate within the auction supported the user data, 

and submit their bids to the broker. The broker aggregates the 

bidding data and selects the suitable cloud seller. Cloud 

vendors square measure rational and intelligent. Cloud seller 

checks whether or not the user requested resources square 

measure accessible on it virtual machine. If not, they assign 

consecutive virtual machine.We haveprovided varied services 

love computing and storage[1] capability. the matter of giving 

services is that the cloud ought to give continuous services and 

dynamically adapt the cloud platform. This paper proposes 

that the resources square measure allotted for virtual cloud 

platforms. The services ought to satisfy the performance and 

minimize the energy prices. It presents a ascendable 

distributed gradable framework supported a mixed-integer 

non-linear improvement of resource management acting as 

multiple time-scales. Many experiments with big variety of 

configurations confirm the potency and effectiveness of this 

approach. We have alsoreported convenient access to large 

information storage[1] and application services. It provides 

economical savings to information homeowners and users. 

However the advantages aren’t absolutely complete as a result 

of the non-public information of the information homeowners 

could also be exposed and handled by the cloud suppliers. 

This paper proposes the secure access of the privacy-assured 

searchable cloud information services and to style economical 

search schemes for encrypted cloud information storage[1]. It 

presents a general methodology known as searchable 
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cryptography techniques that permits encrypted information to 

be searched by the users while not unseaworthy info regarding 

the information itself and user queries. 3 functionalities of 

search operations are discussed [3] supporting result ranking, 

similarity search and search over structured information. The 

privacy-assured searchable cryptography schemes are 

supported recent parallel key cryptography techniques. 

 

3. PROPOSED SYSTEM 

In this paper consider the selection of cloud vendor by 

calculating the memory space of the cloud provider that is 

maximum memory, allocated memory and free memory of the 

cloud vendor. After selecting  the cloud vendor  it 

automatically detects the duplicate data and remove that 

duplicate data for space consumption. AES algorithm is used 

to encrypt the data for security purpose. The mechanism is 

considered for this problem is Cloud Optimal Procurement 

Technique mechanism. It is Bayesian incentive compatible 

and also rational. It also provide the security to file transfer 

between cloud user to cloud broker and to cloud vendor. This 

system makes the module to automate the choice of a cloud 

vendor among the diverse contributions. The rank of the cloud 

vendors based on their maximum memory space. The cloud 

vendor with maximum memory is acknowledged the winner. 

The payment is computed based on the quoted cost and the 

expectation of the allocation. Cloud users have to register to 

enter into the process, after register and login. The cloud users 

will consider the file storage process in the cloud vendors. The 

cloud user will select the file which the user wants to store in 

the cloud storage of the cloud vendor. But the Cloud Broker 

will be the mediator for the process.  After selecting the 

resource to store in the cloud vendor storage, the cloud user 

have to calculate the QoS parameters. Such as latency, 

bandwidth, turnaround time to forward to the vendor by 

forwarding to the broker. cloud vendors have to register and 

login to enter into the further process. The vendor’s work is to 

receive the resource specification detail from the cloud broker. 

After receiving the specification detail the cloud vendor will 

check the possibility that is they can able to store or not. If it is 

able to store means the vendor can able to reply the cost for 

the process. cloud broker will update the QoS parameter 

weight table after that the cloud broker will collects the 

received costs. And the vendors details whom where replied 

the cost detail to the cloud broker for the received resource 

specification.  After receiving here have to select the winner 

based on the minimum cost in collected cost list. Then have to 

calculate the payment for the resource utilization process for 

the cloud user to the cloud vendor. The whole process called 

as the mechanism module which takes place by the cloud 

broker. The cloud broker will forward the payment and winner 

detail to the loud user and the loud vendor. After receiving the 

payment the cloud user will forwards the payment amount to 

the cloud vendor directly and the cloud vendor first receives 

the winner detail and the payment. After receiving minimize 

the total cost of procuring resources without compromising 

quality of service. To minimize the procurement cost [4], it is 

necessary for the cloud user to know the real costs of cloud 

vendors. A user announces its specifications for desired 

resources and quality of service to all cloud vendors, with the 

broker acting as a middleman. The cloud vendors decide 

whether to participate in the auction based on the user 

information and submit their bids to the broker. 

4. HOMOMORPHIC LINEAR 

AUTHENTICATION 

 The cloud auditor is a person who collects all the 

requirements of several users and provides security to the data 

passed by the cloud users. Here, Homomorphic Linear 

Authenticator (HLA) algorithm is used for security purpose. 

The data that the user sends should be protected from 

unauthorized access or hacking by third party members such 

as the cloud broker. So, HLA is used. HLA is an algorithm 

used to secure the data and access the data without leaking the 

information about the data by the third parties [4]. The cloud 

auditor performs this job and sends the data to the cloud 

broker along with the Homomorphic Linear Authenticator.  

  

5. PRIORITIZATION 

The cloud broker acts as a middleware between the user and 

the vendors and directs the cloud user to the appropriate 

vendor. The user’s requirements with the Homomorphic 

Linear Authenticator is passed to the cloud broker. The broker 

gives the priority to the users based on their requirements i.e., 

the user with the high QoS and low cost is given high priority. 

The next user with high QoS and low cost is given second 
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priority and so on. Priority Scheduling is performed in this 

case. The users then form the Queue based on the given 

priority starting with the highest priority. They are then 

directed to the cloud vendors in the FIFO manner. 

 

6. EVALUATION OF PROPOSED 

APPROACH 

In this paper the cloud Ethernet and loud network is used as an 

example of the NCS cloud network. The Ethernet cloud 

networks are nowadays also more and more used in control 

applications and, in this context, it is important to understand 

the behavior of the cloud network in order to be able to control 

the cloud network performance, such as delays. Next, the 

procedure of obtaining the upper bound delay over the cloud 

network will be explained in more detail. How to obtain a 

maximum delay for crossing a single Ethernet switch, and the 

procedure of obtaining end-to-end delays in the cloud 

network, based on the delays over the switches. The 

communication cloud network upper bound delay estimation 

algorithm presented in this paper applies ideas from cloud 

network calculus theory. To obtain the upper bound delay for 

crossing a single Ethernet switch, the upper bound delays over 

the basic components should first be determined. In this 

section we will show how to obtain the upper bound delay for 

the FIFO multiplexer, FIFO queue, and demultiplexer basic 

components. The upper bound delay over the switch is then 

the sum of the upper bound delays over the basic 

components.The traffic arriving at the switch, both periodic 

and aperiodic, is modeled as a “leaky bucket controller”. That 

is, the data will arrive at the switch only if the level of the 

amount of data in the buffer of the switch is less than the 

maximum buffer size and the data leaves the switch at a 

constant rate.Upper bound delay over a FIFO multiplexer. The 

first step in calculating the delay over a multiplexer is to 

determine the arrival curves of the traffic coming to the 

component and the service curves provided by the component. 

The next step is to determine the upper bound backlog in the 

multiplexer. The backlog is the number of bits accumulated in 

the component, and it is a measure of congestion over the 

component. Upper bound delay over a demultiplexer. The 

demultiplexer has one input link and two or more output links. 

Its function is to split the streams that arrive at the input ports 

and to route them to the appropriate output ports. In Ethernet, 

this consists of reading the destination address at the start of 

the frame and selecting the output port associated with its 

destination in the forwarding table. Due to the Spanning Tree 

Protocol, only one path is activated to go from one point to 

another. Therefore it is assumed that the routing step is 

instantaneously achieved. Thus the demultiplexer does not 

generate delay. 

7. ROBUST CONTROL THEORY BASED 

APPROACH 

 The robust control approach is used as a second delay 

compensation strategy. The main idea is the following: first, 

the cloud network-induced delays are represented in the 

frequency domain as an uncertainty around the nominal plant. 

Next, using the robust control methods ( H-synthesis, D/K 

iteration etc.) a controller is generated that enables 

maintenance of the QoP of the control system, even in a worst 

case disturbance. In this case the worst case performance is 

when the cloud network delay corresponds to the upper bound 

delay. Compared to the Smith predictor based approach, the 

benefits of this approach are the following. The robust control 

approach is based on the worst case uncertainty, thus no 

information is needed about the distribution of the delay. In 

addition, the uncertainties about the process, as well as about 

the cloud network, can be handled using the same 

methodology. For the process the uncertainty about a gain, 

time constant, pole and zero location, and for the cloud 

network uncertainty induced by the cloud network delay, jitter 

and the effect of missing values, can be handled using the 

same methodology. 

8. EXPERIMENTAL RESULTS 

In the simulations, the cloud network of a real time process, a 

controller, and two overload traffic stations connected over a 

full duplex Ethernet switch, were used. The controller 

parameters were obtained by minimizing the integral of the 

square errors (ISE) for the system with the cloud network 

delay in an actuator and sensor paths of 1 ms. First, the delay 

compensation strategy based on the Smith predictor presented 

in Fig. 4 was used. The model was assumed to be known, and 

the cloud network delay in a sensor and in actuator sides were 

assumed to vary randomly between zero and the upper delay 
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value estimate. Equation was used for both the measurement 

delay estimate and the control signal delay estimate.  

 

Next, the delay compensation strategy based on the robust 

control approach was implemented by solving the mixed 

sensitivity. Where ω∞ is the bandwidth where control is 

effective, M is the desired maximum peak of wb, and A is a 

small number used to avoid numerical problems. The H∞ 

optimal controller for this mixed sensitivity problem was 

found using the Matlab Robust control toolbox. 

The simulation results are presented. Four graphs are shown: 

the system performance under a nominal controller when the 

cloud network delay is negligible, the system performance 

under a nominal controller when there is no delay 

compensation, the system performance when the Smith 

predictor is introduced, and the system performance under a 

robust controller. From the figure it can be concluded that the 

nominal system becomes unstable when the delay increases. 

The stability of the feedback control loop can, however, be 

regained even when a delay compensation strategy such as the 

Smith predictor is implemented. The performance of the 

control system can be improved by using the more advanced 

delay compensation/toleration procedure.  

9. CONCLUSION AND FUTURE WORK 

Right now, the cloud client pays an altered cost for assets or 

administrations. This sort of estimating is called altered 

evaluating. Settled evaluating is exceptionally prevalent with 

telecom suppliers. On the flipside, there is no procurement for 

motivations for clients in the settled method. Asset 

acquirement is an essential issue in distributed computing as 

well as an unexplored region. As of now, asset obtainment is 

carried out physically and there is a pressing need to 

mechanize it. To robotize acquirement, we have introduced 

three instruments: C-DSIC, C-BIC, and C-OPT. C-DSIC is a 

lowbid Vickrey closeout. It is allocative productive and 

individual sane however not plan adjusted. On the off chance 

that the system is not plan adjusted, then an outer org needs to 

give cash to perform procurement.c-BIC is a weaker technique 

contrasted with C-DSIC and it is Bayesian motivator perfect. 

In C-BIC, sellers uncover reality just if different merchants 

uncover reality, not at all like C-DISK where merchants 

uncover reality regardless of others' decisions. C-BIC attains 

plan parity and a locative productivity yet not individual 

rationality's-OPT accomplishes both Bayesian motivator 

similarity and individual discernment, which the other two 

components can't accomplish. This instrument is insusceptible 

to both overbidding and underbidding. On the off chance that 

a cloud merchant overbids, then the motivator is decreased. In 

the event that it underbids, then it may not be a champ. C-OPT 

is more general contrasted with both C-DSIC and C-BIC—

regardless of the possibility that cloud sellers use distinctive 

appropriations for expense and Qos, we can securely utilize C-

OPT. Consequently, C-OPT is the favored component in more 

cases in this present reality. The tests uncover an intriguing 

example. The asset obtainment expense decreases as the 

quantity of cloud merchants build, regardless of the instrument 

executed. The expense in C-BIC diminishes all the more 

fundamentally, contrasted with the other two systems.   
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