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ABSTRACT 

MapReduce is a programming model and an associated implementation for processing and generating large data sets. Users 

specify a map function that processes a key/value pair to generate a set of intermediate key/value pairs, and a reduce function that 

merges all intermediate values associated with the same intermediate key. Many real world tasks are expressible in this model, 

programs written in this functional style are automatically parallelized and executed on a large cluster of educational dataset. The 

run-time system takes care of the details of partitioning the input data, scheduling the program's execution across a set of 

machines, handling machine failures, and managing the required inter-machine communication. This allows programmers without 

any experience with parallel and distributed systems to easily utilize the resources of a large distributed system. Our 

implementation of MapReduce runs on a large cluster of commodity machines and is highly scalable a typical MapReduce 

computation processes many terabytes of data on thousands of machines. Programmers and the system easy to use hundreds of 

MapReduce programs have been implemented and upwards of one thousand MapReduce jobs are executed on Google's clusters 

every day. 
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1. INTRODUCTION 

In more complex forms, map reduction jobs are broken into 

individual, independent units of work and spread across many 

servers, typically commodity hardware units, in order to 

transform a very large and complicated processing task into 

something that is much less complicated and easily managed 

by many computers connected together in a cluster. In 

layman’s terms, when the task at hand is too big for one 

person, then a crew needs to be called in to complete the work. 

Typically, a map reduction “crew” would consist of one or 

more multi-processor nodes (computers) and some type of 

master node or program that manages the effort of dividing up 

the work between nodes (mapping) and the aggregation of the 

final results across all the worker nodes (reduction). The 

master node or program could be considered the map 

reduction crew’s foreman. In actuality, this explanation is an 

over-simplification of most large map reduction systems. In 

these larger systems, many additional indexing, I/O, and other 

data management layers could be required depending on 

individual project requirements. However, the benefits of map 

reduction can also be realized on a single multi-processor 

computer for smaller projects. 
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2. LITERATURE SURVEY 

An easy way to comply with the conference paper formatting 

requirements is to use this document as a template and simply 

type your text into it. 

 

2.1 Map Reduce: Simplified Data Processing on 

Large Clusters 

This paper presents Map Reduce, a novel distributed 

computation paradigm which developers are required to cast a 

computational problem in the form of two atomic components, 

Map and Reduce. Programmers have to write just two 

functions for each component. Then, these two functions are 

run in massively parallel fashion:  mapper run the map 

function, and the output from mappers is then fed to reducers, 

which run the reduce function. Mappers are scheduled for 

data-locality, moving computation to where data is stored to 

minimize network communication. The map phase essentially 

does some data-parallel operation, while the reduce phase 

aggregates results from the map phase to produce the final 

output. 

2.2 Efficient Frequent Pattern Mining Techniques of 

Semi Structured data: a Survey. 

In this paper the author discuss about Semi-structured data 

which are a huge amount of complex and heterogeneous data 

sets. Such models capture data that are not intentionally 

structured, but are structured heterogeneously. These huge and 

varied become difficult to retrieve relevant information User is 

often interested in integrating various formats that are 

generally realized as files, and also wants to access them in an 

integrated fashion. 

2.3 Improving RBF Kernel Function of Support 

Vector Machine using Particle Swarm Optimization. 

In this paper discusses about Support vector machine (SVM) 

which has he author become an increasingly popular tool for 

machine learning tasks involving classification, regression or 

novelty detection. SVM is able to calculate the maximum 

margin (separating hyper-plane) between data with and 

without the outcome of interest if they are linearly separable 

 

2.4 Reduction of Negative and Positive Association 

Rule Mining and Maintain Superiority of Rule Using 

Modified Genetic Algorithm  

In this paper the author discuss about Association rule mining. 

They suggest that association rule play important rule in 

market data analysis and also in medical diagnosis of 

correlated problem. For the generation of association rule 

mining various technique are used such as Apriori algorithm, 

FP-growth and tree based algorithm.  

2.5 Finding Frequent Pattern with Transaction and 

Occurrences based on Density Minimum Support 

Distribution. 

In this paper discusses that importance of data mining is 

increasing exponentially. Since last decade and in recent time 

where there is very tough competition in the market where the 

quality of  information and information on time play a very 

crucial role in decision making of policy has attracted a great 

deal of attention in the information industry and in society as a 

whole. They use density minimum support so that they reduce 

the execution time. 

2.6 Meta-Map Reduce for scalable data mining 

 In this paper the author  proposed a Meta-Map Reduce 

algorithm MMR implemented with MapReduce. This 

algorithm tackles the difficulties for supporting iterations in 

Hadoop. The experimental results show that the error rates of 

MMR are smaller than the results of a single node on 9 out of 

11 datasets. The comparison between MMR and the 

parallelized Adaboost algorithm AdaBoost.PL shows that PML 

has lower error rates than AdaBoost.PL on 7 out of 8 datasets. 

The speed  up performance of MMR proves that Map Reduce 

improves computation complexity substantially on big 

datasets. In summary our MMR algorithm has the ability to 

reduce computational complexity significantly, while 

producing smaller error rates. 

 

2.7 Optimization of Association Rule Mining Apriori 

Algorithm using ACO 

 In this paper proposes an improved algorithm based on the 

Ant Colony Optimization algorithm. We can optimize the 

result generated by Apriori algorithm using Ant colony 

optimization algorithm. The algorithm improved result 

produces by Apriori algorithm. Ant Colony Optimization 
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(ACO) is a Meta heuristic inspired by the foraging behavior of 

ant colonies. ACO was introduced by Dorigo and has evolved 

significantly in the last few year. 

2.8 Handling Big Data using No SQL 

This paper aims to introduce the concepts behind No SQL 

provides a review of relevant literature, highlights the 

different, NoSQL database types, and provide arguments for 

and against adopting NoSQL. A small prototype application 

has been developed to assess the stated NoSQL benefits and  

illustrate the differences between the SQL and NoSQL 

approaches. The last section of the paper offers some 

conclusions and recommendations for further research to 

expand upon our research work. 

2.9 A Fast Incremental Spectral Clustering for Large 

Data Sets  

In this paper, we propose a new representative measure to 

compress the original data sets and maintain a set of 

representative points by continuously updating Eigen-system 

with the incidence vector. According to these extracted points 

we generate instant cluster labels as new data points arrive. 

Our method is effective and able to process large data sets due 

to its low time complexity .Experimental results over various 

real evolutional data sets show that our method provides fast 

and relatively accurate results. 

2.10 Terms Mining in Document-Based No SQL: 

Response to Unstructured Data. 

Document-based No SQL. This is achieved by adapting the 

architectural design of an analytics as a service framework and 

the proposal of the Viterbi algorithm to enhance the accuracy 

of the terms classification in the system. The results from the 

pilot testing of our work show higher accuracy in comparison 

to some previously proposed techniques such as the parallel 

search. 

 

3. PROCESS MODEL 

3.1 Creating datasets: 

Collection of document from computer is done by document 

collection at retrieval phase Natural Language Processing  

Algorithm (NLP) and text filtering is applied to collected data 

ay process document phase tokenized  will count tokens and 

provide ID’s and splits it in analyser analysis is done on the 

data and map reduction is applied after that in management 

phase analysed data get stored lastly at knowledge base all the   

data which is get stored. 

 

   Figure: System Flow 

 

Two method are used Whitespace and Term Frequencies. 

 Keyword Tokenizer - This Tokenizer will read the 

entire stream of text and return the whole things as a 

single Token. 

 Char Tokenizer - This is an abstract base Tokenizer 

than is implemented by two other Tokenizers, this is a 

good starting point to create your own Tokenizer. 

 It has a single method that you must implement and 

that is IsTokenChar(char c), and returns a Boolean. 

 If it is a character that belongs to a Token. 

 Whitespace Tokenizer -  This Tokenize inherits from 

the    CharTokenizer and it breaks the words just 

according to white space.  

3.2Applying the algorithm(NLP) 

Natural language processing can be defined as automatic or 

semi-automatic processing of  human language. The   Open 

NLP chunkier  tool will group the tokens of a sentence into 

larger chunks, each chunk corresponding to a syntactic unit 

such as a noun phrase or a verb phrase. 

 3.3 Applying text filter 

 The dataset is generated from the collected  data 

according to its type. 

 Text filtering is applied by using NLP algorithm.  

 If  best outcome indicates a sentence break, then 

the character the  up to and  including the  position of  
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the   end-of-sentence marker are separated off into a 

new sentence. 

 To get the word count, the text is split.  

3.4 Data generation module 

 Combine the content of multiple files with the 

same structure. 

 Combine the content of multiple files with 

similar structures you want to combine. 

 Join data from multiple sources on a specific ID 

or keyword. 

3.5 Data structuring module 

 A map reduction cluster running on four machines 

 One common challenge when designing clusters is 

that not 

all of 

the reduction data can reside in memory on one 

physical machine.  

 In an example map reduction system that processes 

text data as input and counts unique words, all words 

beginning with might be stored .  

 This means that additional routing logic must be used 

to get each word to the correct node for a final 

reduction based on each word’s first letter. 

4. CONCLUSIONS 

This gives an overview of feature selection  using different 

methods such as filter approach, wrapper approach, embedded 

approach and feature subset selection method using FAST 

algorithm. The FAST algorithm achieves best proportion of 

selected features than wrapper methods and filter methods. 

FAST improves the performance of classifiers. In this 

algorithm, a cluster is composed of features. Each  cluster is 

served as a single feature and thus dimensionality is drastically 

reduced. 
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