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ABSTRACT 

We address the difficulty of finding query facets which are several groups of words or phrases that explain and sum up the content 

covered by a query.  The search intent of users is necessary for satisfying a user’s search needs. Most queries in web search are 

mainly ambiguous nature. There are several methods for mining queries from their search results .This paper presents survey on 

result obtained from automatically mining for queries. Assume that the essential aspects of a query are generally presented and 

recurring in the query’s top retrieved documents in the approach of lists, and query facets can be mined out by aggregating these 
significant lists. We recommend a methodical solution, which we refer to as QDMiner, to automatically mine query facets by 

extracting and combination frequent lists from free text, HTML tags, and replicate regions within top search results. Experimental 

results show that a large number of lists do exist and useful query facets can be mined by QDMiner. We find out the  problem of 

list duplication and better query facets can be mined by modeling fine-grained similarities between lists and penalizing the 

duplicated lists. 
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INTRODUCTION 

We concentrate on the difficulty of decision query facets. A 

query facet is nothing but the set of things which express and 

sum up one important characteristic of a query. Here a facet 

thing is in general a word or a phrase. A query might have 

various facets that sum up the information regarding the query 

from different perspectives. Example to show query by using 

facet. Facets for the query ―bicycle‖ cover the information 

about bicycle in four unique aspects, including brands, gender 

categories and colors.  

Query facets give exciting and helpful information about a 

query and thus can be used to get better search experiences in 

lots of ways. First, we can display query facets mutually with 

the original search results in an suitable way. Thus, users can 

realize some vital aspects of a query with no browsing tens of 

pages. For example, a user can learn different brands and 

categories of bicycle. We can also put into practice a faceted 

search [1], [2], [3], [4] based on the mined query facets. User 

can make clear their specific intent by selecting facet items.  

The query facets are used to find the grouping of query 

process by using categories.  

 

TABLE 1 

Example of mined by QDMiner by using query facet 

________________________________________________ 

query: Bicycle 

 

1. hero, hercules, atlas, bsa, montra, cross…. 
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2 women’s, . men’s, kids 

3. sport, fashion, simple . . . 

4. black, white, blue, red, green, yellow, orange,  

_________________________________________________ 

query: Episode 

1. because you left, the lie, follow the leader, jughead, 316, . . . 

2. episode 1, episode 3, episode 2, episode 6, episode 4 

3. science, technology, entertainment, nature, sports, lifestyle 

_______________________________________________ 

 [1] Thus the list will be created and extracted by grouping, 

weighting and ranking. Thus the ranking process are done by 

when uses are mostly search in the web are ranked by the click 

through methods [2].   The object retrieval methods where the 

small objects are retrieved by using a hyperlink object retrieval 

methods. In addition to [3] Image search are searched are  

showed in the data based so the combination of the web and 

the image search are shown in list by the categories. [5] The 

web search results of ranking method are two types ,they are 

Online methods and Offline methods. In online methods the 

images are ranked by according to users searched in web, like 

flicker. We examine that important pieces of information 

regarding a query are generally presented in list styles and 

recurring many times among top retrieved documents. Thus 

we propose aggregating recurrent lists within the top search 

results to mine query facets and apply a system called 

QDMiner. More specifically, QDMiner extracts lists from free 

text, HTML tags, and replicate regions present in the top 

search results, group the result into clusters based on the items 

which contain, then rank the clusters and items based on how 

the lists and items show in the top results. We suggest two 

models, the Unique Website Model and the Context Similarity 

Model, to rank query facets. In the Unique Website Model, we 

suppose that  duplicate information might get from website, 

whereas different websites are self-determining and each can 

add a separated vote for weighting facets. However, we find 

that sometimes two lists can be duplicated, even if they are 

from different websites. Compared to earlier works on 

building facet hierarchies [1], [2], [3], [8], [9], our approach is 

unique in two aspects: 

 (1) Open domain: we don’t restrict queries in a specific 

domain, like products, people, etc. Our approach is general 

and doesn’t depend on any exact domain knowledge. Thus it 

can deal with open-domain queries.  

(2) Query dependent: as an alternative of a fixed schema for 

all queries, we extract facets from the top retrieved documents 

for every one query. As a result, different queries might have 

different facets. e.g. query ―bicycle‖ and query ―lost‖ have 

totally different query facets, as shown in Table 1.  

For example, websites are using dissimilar domain names but 

they are publishing duplicated content and contain the same 

lists. Some content originally created by a website might be 

republished by other websites, hence the similar lists contained 

might appear several times in different websites. moreover, 

different websites can publish content using the same software 

and the software may generate duplicated lists in different 

websites. Ranking facets only based on unique. 

 

1. RELATED WORK 

Mining query facets is hot subject to many existing research 

topics. In this section, we briefly evaluate and discuss 

difference from our approach. 

1.1 Query Reformulation and Recommendation 

There are two ways to make query reformation to help users 

better express their information need The process of query 

formulation modifies the keyword submitted by the user to the 

search engine [10], [11], [12], [13], [14], [15], [16], and query 

suggestion technique produce alternative queries similar to the 

original query [17], [18], [19], [20]. Therefore the primary 

goal of the query reformulation is to improve the overall 

quality of the ranking process. For example, for the query 

―what is the lost episode ‖ in Table 1, we generate a dimension 

―cheetah, pronghorn antelope, lion, Thomson’s gazelle, 

wildebeest, ...‖ which includes animal names that are straight 

answers rather than query reformulations to the query.  

Different from transitional query suggestions, we can make 

use of query facets to create structured query suggestions, i.e., 

several groups of semantically related query suggestions. his 

potentially provides richer information than traditional query 

suggestions and might help users find a better query more 

easily. We will examine the problem of generating query 

suggestions based on query facets in future work. 
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1.2 Query-based Summarization  

Making a summary document satisfying request for 

information expressed by a query. The summary is the 

sequences of sentences which can be extracted from several 

documents or from single documents. There are number of 

sources for a summary that are single document summary and 

multiple document summaries. 

 

 

 

There are two types of  summary construction methods as  

follows 

 Abstractive  

 Extractive 

 Steps in query based summarization  

 Identification of the correct sections  

 Summary generation 

 Advantages:  

 Easy to implement  

 Fast retrieval  

 Disadvantages:  

 User must read all the documents  

 Time consuming 

 

1.3 Entity Search 

The Entity search engines aim at providing the user with 

entities and relationships between these entities, instead of 

providing the user with links to web pages .Information is 

everywhere. The traditional search approach is to check every 

document in any order. It is time consuming approach for 

users. An entity refers to any object or thing that can be 

uniquely identified in the world. Each entity is match with 

other entity 

Benefits of entity search  

 It is categorized into taxonomy  

 The first task is to make a decision  

 More structured than compared to others 

 More understandable by human  

 Increase precision 

 Less time consuming 

 

 

 

 

1.4 Query Facets Mining and Faceted Search 
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Faceted search is allowing users to process, analyze, and 

navigate through multidimensional data and good technique 

for same. It is broadly applied in e-commerce.  A strong 

review of faceted search is outside the scope of this paper. 

Most existing faceted search and facets generation systems [1], 

[2], [3], [8], [9], [21], [22], [23], [24] are built on a exact 

domain (such as product, people search) or predefined facet 

categories. For example, Dakka and Ipeirotis [9] introduced an 

unconfirmed technique for automatic extraction of facets that 

are useful for browsing text databases. Facet hierarchies are 

generated for a entire collection, instead of for a specified 

query. In this paper, we look automatically find query 

dependent facets for open domain queries based on a general 

web search engine. Facets query are automatically mined from 

the top web search results of the query without any extra 

domain information required. 

2.    MINING QUERY FACETS 

The query facets are used to find the grouping of query 

process by using a categories. The users are searched in the 

web and uploaded are stored in the database.[1] Thus the list 

will be created and extracted by grouping, weighting and 

ranking. Thus the ranking process are done by when uses are 

mostly search in the web are ranked by the click through 

methods [2]. In addition to [3] Image search are searched are 

showed in the data based so the combination of the web and 

the image search are shown in list by the categories. [4].  

 

 

 

In online methods the images are ranked by according to users 

searched in web, like Amazon and during offline methods is 

does not show the ranking methods. In addition to [6] Image 

conversion methods are used to encrypt and decrypt images 

for example to encrypt the images are stored in the database 

and in decrypt the retrieved images by showing the original 

images.We illustrate QDMiner in Figure 1. In QDMiner, given 

a query q, we retrieve the top K results from a search engine 

and fetch all documents to form a set R as input. Then, query 

facets are mined by the following four steps: 

2.1 List and Context Extraction 

 To fetch the data from dataset and this should be querying 

(sql) format. Hence training dataset contains complete product 

or anything information. When user send a query as a text 

format that should process with data which available in 

backend(database), further it returns the similar data. For 

example: In a dataset the query will be fetched and stored in 

the database. Thus different list extraction and models are 

search in the query is helpful to user. 

 2.2 List Weighting  

All extracted lists are weighted, and thus some unimportant or 

noisy lists, such as the price list ―300.99, 350.99, 463.99, ...‖ 

that irregularly occurs in a page, can be assigned by low 

weights. 

2.3 List Clustering 

 Similar lists are combined together to compose a facet. For 

example, different lists about watch gender types are 

combined because they share the same items ―men’s‖ and 

―women’s‖. 

2.4 Facet and Item Ranking 

 The data are ranked before it shows output this ranking occurs 

based on the details available in the database, for example it 

ranks watches as gender wise or famous brand wise or most 

sold wise. The top search results are extracted into related 

document search results and users frequently are done in the 

significant work in the rank based so it might easily get 

together by a user 

 

CONCLUSIONS 

In this paper, we learn the difficulty of discovery query facets. 

We suggest a methodical solution, which we refer to as 

QDMiner, to automatically mine query facets by aggregating 

recurrent lists from free text, HTML tags, and repeat regions 
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within top search results. We generate two human being 

annotated data sets and apply existing metrics and two new 

joint metrics to estimate the quality of query facets. We further 

examine the difficulty of duplicated lists, and find that facets 

can be improved by modeling between lists within a facet by 

comparing their similarities. As we discussed first approach of 

finding query facets, QDMiner can be improved in many 

aspects. For an example, some semi administered 

bootstrapping list extraction algorithms can be utilized to 

iteratively extract more records from the top results. Specific 

website wrappers can also be employed to extract high-quality 

lists from authoritative websites. Adding these lists may 

improve both accuracy and recall of query facets. Partof-

speech information can be used to further check the 

homogeneity of lists and improve the quality of query facets. 

We will look at these topics to refine facets in the future. We 

will also explore some other correlated topics to finding query 

facets. Good descriptions of query facets may be helpful for 

users to better understand the facets. Automatically generate 

meaningful descriptions is an interesting research topic. 
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