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ABSTRACT 

We have developed On-premises signs (OPSs) recognition system using clustering approach. We haveused OPS-62 dataset in 

which street view images are stored. The dataset contains 4649 OPS images of 62 different categories. We have extracted 

different features like background, foreground, size,color,shapeetc. from OPS-62 dataset and provide training to the images on the 

bases of its features.In this paper we used SURF(Speed Up Robust Feature) and SIFT(Scale Invariant Feature Transform) 

algorithm for the recognition of images in the dataset.We have also used distributional clustering for classification of images by 

which clusters of the images are form. Experimental result shows that which algorithm is better for accuracy and which gives 

better recognition speed.Analyze the performance of both SURF and SIFT and generate the results.Main approach is simple, 

linear, and can be execute in parallel fashion. 

Keyword -  Classification,OPS-62, Distributional Clustering, Street View Images. 

 

1. INTRODUCTION 

Cell phones are used in our day to day life. Usersare 

connecting to the world using these mobile phones. When 

users walk on the road, they simply point the mobile camera to 

a store on the road  to click image on the store it means click 

image of hoarding, logo  for quickly access its related 

information, inquire special offers, and make 

reservationsthrough their mobile phoneswithout  entering the 

store. To create a recognizable image for a business to attract 

customers, each store has its own On-Premise Sign which is 

proper image for a brand and contains a mixture of text 

i.e.business’s name and graphics such as trademarks/logos 

etc.[1] so multiple shops having its separate logo and 

trademarks. Therefore, In this paper proposes a probabilistic 

framework for learning and recognizing OPSs in real view 

images has been discussed. Different characteristics of images 

in OPSs, such as  size, background, foreground, color, size, 

shape viewing angles, are consider while recognize the images 

and provide training to the images and generate codewords. 

For generating the codewords visual saliency technique is 

used.at the timeof testing of the images these systems consider 

different angles of images, blur images etc. and produce better 

recognition technique for the images. 

2. RELATED WORK 

 
V.Chandrasekhar et.al has developed Mobile image-retrieval 

process. The mobile client transmits a query image to the 

server. The image-retrieval algorithms run entirely on the 

server, including an analysis of the query image. The mobile 

client processes the query image, extracts features, and 

transmits feature data. The image-retrieval algorithms run on 

the server using the feature data as query. The mobile client 

downloads data from the server and all image matching is 

performed on the device. An image retrieval algorithm run 
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locally when the database is small in size on the other hand it 

runs remotely for large database. They evaluated two different 

approaches that deal with features mode, which processes the 

query image on the phone and transmit compressed query 

features to the server and image mode, they transmit the query 

image to the server, and all operations are performed on the 

server [2].Issam Daugher, Nour El Sallak and Hani Hazim 

developed face recognition using the SIFT features in different 

regions of each training image.it works on only face 

recognition not the other type of images [3].Steve seiden, 

Michael Dillencourt, Sandy Irani, Roland Borrey, Timothy 

Murphy developed logo detection in document images only 

that have been faced problem while classifying the document 

depending upon whether they contain logo or not.if the logo is 

not present document is hard to detect.[4] Young Ha et al 

developed a fast algorithm for text extraction.These algorithm 

can be used OCR(Optical Character Recognition)for natural 

scene images. The Resulting data of the method could be used 

as OCR input with less computation Resources. 

 

3. SYSTEM DESIGN 

 

Figure-1: System Architecture 

In this system, first of all create a bag of word using feature 

extraction.Visual saliency based codewords are generated. 

Visual saliency is the part of the image where all the human 

attention goes. Training is provided to the images on the basis 

of the codewords which are generated using SURF and SIFT 

algorithm. After calculating codewords for each ops 

category,using distributional clustering clusters of images are 

formed calculate hits of the matching. 

 

3.1 OPS62 Dataset 

In real world images since objects are visible in arbitrary size, 

scale and viewing angles,escorted with perspective of 

distortion, varying brightening condition, foreground and 

background clusters. Thus it is observed that such real world 

features are lacking absent in the most of exiting dataset .So, 

we focus on the street view images containing commercial 

advertising An OPS data set, namely OPS-62, in which totally 

4649 OPS images of 62 different businesses are collected from 

GoogleStreet View. The adopted OPS categories can be 

classified into 12 business types. 

3.2 Compute Bag of Word 
In computation of BoW firstextract the features of images after 

the feature detection each image is abstracted by several local 

patches. To representation of the patches vectors are used. 

These vectors are called feature descriptor. The final step for 

the BoW is convert vectors into the codewords. 

 
3.3 Training Phase 
After feature extraction images are used for performing 

training task, which divide thoseextracted features in clusters 

and it decides to distribute the clusters according to features. 

In training phase we have to use algorithm: 

1]SIFT(Scale Invariant Feature Transform) 

2]SURF(Speed Up Robust Feature) 

 

3.3.1SIFT(Scale Invariant Feature Transform) 

In this algorithm first, filter out the background region for 

reducing the number of noisy visual word using visual 

saliency analysis. To filter out the background noise here 

visual saliency technique is implemented. This algorithm is 

work on block of pixels in the images. To avoid any issues, 

each key-point is assigned a dimensional vector. To do this the 

following steps should be done:  

1] A 16*16 window around the key-point is selected.  

2] This window is divided into sixteen 4*4 window.  

3] For each 4*4 window, the magnitude and orientation are 

calculated. 

 

3.3.2 SURF(Speed Up Robust Feature) 

Feature extraction involves reducing the amount of resources 

required to describe a large set of data. Searchingfor images of 
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the same object or scene in a large number of images has 

recently received increasing attention.There are three main 

processes: 

1] Detection: Identify the features in the images on the bases 

of those features detect the object in the images. 

2] Description: Each pixel in the image has its unique value it 

does depend on the other scale and rotation. 

3] Matching:Given and input image, determine which objects 

it contains, and possibly a transformation of the object, based 

on predetermined values. Each image having its value using 

these values matching is performed. 

 

3.4 Recognition using Distributional clustering 

After obtaining a codebook for each OPS category compute a 

discriminative subset and apply a distributional clustering to 

group all the code words in OPS categories into two disjoint 

clusters. Codewords are used to make the clusters of the 

images. As distribution clustering of words are agglomerative 

in nature and result in suboptimal word clusters and high 

computational cost, an information theoretic divisive 

algorithm for word clustering and applied it to text 

classification. To cluster features using a special metric of 

distance, and then makes use of the resulting cluster hierarchy 

to choose the most relevant attributes.Unfortunately, the 

cluster evaluation measure based on distance does not identify 

a feature subset that allows that the classifier to improve their 

original performance accuracy. Furthermore, even compared 

with other feature selection method, the obtain accuracy is 

lower. 

4. RESULTS 

 
4.1 Recognition Performances Using SIFT 

 

 

 
                    Figure 2.Result of recall based on SIFT 

 

Figure-2 shows the graphical representation of OPS-62 model 

for recall. X axis showsthe number of OPS and Y axis shows 

the number of input images feature. 

4.2 Recognition Performances Using SURF 

 
 

 
  Figure 3.Result of recall based on SURF 

Figure-3 Shows the graphical representation of OPS-62 model 

for the recall. X axis shows the number of OPS and Y axis 

shows the number of input images feature. As shown in figure 

Table 1. Recognition performance using SIFT 



 
INTERNATIONAL JOURNAL FOR RESEARCH IN EMERGING SCIENCE AND TECHNOLOGY, VOLUME-4, ISSUE-4, APR-2017                                                     E-ISSN: 2349-7610 

VOLUME-4, ISSUE-4, APR-2017                                                 COPYRIGHT © 2017 IJREST, ALL RIGHT RESERVED                                                                                            22 

2 and Figure 3, SURF algorithm performs better than SIFT 

algorithm.   

 

5.EVALUATION PARAMETER 

 
5.1 Accuracy 

It is the percentage of number of correctly detected Images to 

the number of images in the dataset. 

 

Accuracy = 

Number of correctly detected Images 

Number of Images 

 

5.2 Recall 

It is the percentage of the No. of similar images retrieved to 

the total No. of similar images in the dataset.[5] 

 

Recall = 

No. of similar images retrieved 

Total No. of  similar images in dataset 

 

6.CONCLUSION 
We have studied and implement a system for learning and 

recognition of OPS datasetimages. We have used SURF and 

SIFT algorithm to extract feature like background, foreground, 

size, shape etc. from OPS-62 dataset images. Analyze the 

performance of both. We have used distributional clustering 

for clustering of OPS images. 
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